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Models can tell how people feel!
But is that enough?
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Part 1 (b)
Evaluating Subjective Cognitive Appraisals of 

Emotions from Large Language Models

Hongli Zhan, Desmond C. Ong, Junyi Jessy Li

In Findings of the Association for Computational Linguistics: EMNLP 2023
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LLMs are able to identify appraisals of 
emotions (without additional training)

⇨ Can we leverage this emotion understanding capability 
of LLMs to do good to humans?
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Part 2 (a)
Large Language Models are Capable of 

Offering Cognitive Reappraisal, if Guided

Hongli Zhan, Allen Zheng, Yoon Kyung Lee, Jina Suh, Junyi Jessy Li, Desmond Ong

In Proceedings of the First Conference on Language Modeling (COLM 2024)
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Targeted Reappraisal: A Toy Example

Can we use LLMs to achieve better emotional well-being through offering reappraisals?

⇨ Such an approach would be more targeted and precise
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Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

13



New Framework: RESORT

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

14



New Framework: RESORT

We designed a system, entitled RESORT, to guide LLMs to offer targeted reappraisals

along six appraisal dimensions chosen to maximize coverage

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

14



New Framework: RESORT

We designed a system, entitled RESORT, to guide LLMs to offer targeted reappraisals

along six appraisal dimensions chosen to maximize coverage

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

14



New Framework: RESORT

We designed a system, entitled RESORT, to guide LLMs to offer targeted reappraisals

along six appraisal dimensions chosen to maximize coverage

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

14



New Framework: RESORT

We designed a system, entitled RESORT, to guide LLMs to offer targeted reappraisals

along six appraisal dimensions chosen to maximize coverage

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

14



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15



Expert-Crafted Guiding Constitutions

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

15

Constitutional 
Principles



Psychology Experts’ Evaluation

●

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Evaluation done by psychologists 

suggest that responses from our system 

are:

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Evaluation done by psychologists 

suggest that responses from our system 

are:

(i) aligned (with reappraisal definitions)

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Evaluation done by psychologists 

suggest that responses from our system 

are:

(i) aligned (with reappraisal definitions)

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Evaluation done by psychologists 

suggest that responses from our system 

are:

(i) aligned (with reappraisal definitions)

(ii) empathic compared to various 

baselines

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



Psychology Experts’ Evaluation

For evaluation, we recruited 4 

psychologists with expertise in clinical 

psychology

● All evaluators hold M.S./Ph.D. degrees

Evaluation done by psychologists 

suggest that responses from our system 

are:

(i) aligned (with reappraisal definitions)

(ii) empathic compared to various 

baselines

Zhan, Zheng, Lee, Suh, Li, Ong (COLM 2024)

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

17



LLMs (under expert guidance) can 
generate targeted reappraisals that are 

both “aligned” and empathic

Opening Part 1
understanding emotions from text

Part 2
emotion regulation with llms

Part 3
sustaining empathy with diverse 

discourse moves

Conclusion
takeaways

18



LLMs (under expert guidance) can 
generate targeted reappraisals that are 

both “aligned” and empathic

⇨ Is it possible to automate the guiding process with as little 
human supervision as possible?
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Part 2 (b)
SPRI: Aligning Large Language Models with 

Context-Situated Principles

Hongli Zhan, Muneeza Azmat, Raya Horesh, Junyi Jessy Li, Mikhail Yurochkin

In Proceedings of the 42nd International Conference on Machine Learning (ICML 2025)

Work done during internship at IBM Research
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SPRI consistently outperforms methods that lack access to oracle principles both 
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But what about Discourse Functions, i.e. 
what a response does for the listener?

To answer this, we first need a vocabulary of
empathic discourse moves.
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“I understand” → “That sounds tough” → “I hear you”
Same discourse moves, every time.

LLMs are stuck in loops. This is single-turn.
Does the rigidity compound across multiple turns?
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Nearly 2×gap!

We need metrics and training signals at the 
level of discourse moves.
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Reward responses that are both empathic and more diverse in 
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6 empathy dimensions (1-5 scale) per turn (3 desirable + 3 undesirable)

Tactic Stickiness = P(tactic at turn t | same tactic at turn t−1)

How likely is a tactic from the previous turn to appear again?

Lower = more diverse

LLM Judge Reliability:  gpt-oss-120b as turn-level empathy judge (temp = 0)

Validated on 315 expert-annotated supporter turns from the Lend-an-Ear benchmark.

Weighted Cohen's κ
w

= 0.58 — exceeds the pairwise agreement among human experts
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elaboration, tactic 
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Part 3 takeaway:
LLMs are repetitive in diversity moves in

multi-turn conversations!

Optimizing for both Quality and Diversity can
help achieve a balance between both!
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Deciphering Emotions from Text

● EMNLP 2022

● EMNLP 2023 Findings

1

4

3

2

Unveiling Advanced Psychological 

Capabilities from LLMs:

A Case of Targeted Reappraisal

● COLM 2024

● ICML 2025
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Discourse Diversity in Multi-Turn 

Empathic Dialogue

● Under review

Conclusion

● Summary of Contributions
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Adapt: MINT closes the discourse-move-diversity gap while improving empathy

(under submission)
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conference papers
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